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Abstract 

The study focuses on developing a conceptual model to explore the factors 
influencing consumers' judgments in the decision-making process with a prime focus 
on personalized dynamic pricing (PDP). The study explored the judgmental impact of 
PDP on customer willingness to pay and mediating role of stickiness to the online 
store on PDP fairness and customer willingness to pay. The data was collected using 
a structured questionnaire administered among 256 students at a large university in 
India. SEM using AMOS software was used to analyze data. Price perception, 
involvement, product knowledge, and recommendation system positively impact 
price fairness of PDP, directly and indirectly influencing customer willingness to pay. 
Results also showed that stickiness to online stores fully mediates the relationship 
between price fairness of PDP and customer willingness to pay. Theoretically, the 
study contributes to pricing and marketing literature by identifying the antecedents 
of price fairness of PDP. For practitioners, this study signifies the importance of a 
robust recommendation system to stand out from the competition and provide deals 
to satisfy consumers. Specifically, the results emphasize the need to focus on 
stickiness to an online store to track consumer characteristics and customer value. 
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1. Introduction 

Personalization of prices is gaining popularity as a viable pricing option in an online 
context (Priester et al., 2020). Personalized pricing improves a firm's profit by 19% 
compared to optimized uniform pricing and 86% compared with the firm's status quo 
pricing. Moreover, personalized pricing can benefit more than 60% of customers 
compared to the firm's uniform pricing (Dubé & Misra, 2019). Technological 
advancements and data analytics enable online retailers to adopt dynamic pricing 
strategies that help identify and track individual online consumers on a real-time 
basis (Priester et al., 2020).  

Personalized dynamic pricing (PDP) is influenced by consumers' prior experience, 
interpersonal price comparison, date, time of purchase, gender, location, device 
used (Lastner et al., 2019), buyers’ cultural differences, social norms in setting the 
price (Garbarino & Maxwell, 2010; Broeder & Wildeman, 2020) and the quantity 
purchased. Existing literature has studied the impact of PDP on consumer trust, 
loyalty, seller choice, price-setting mechanism, and competitor prices. Also, another 
stream of research focuses on regulatory implications of PDP, such as privacy 
concerns, legal concerns, societal and consumer welfare implications (Priester et 
al., 2020).  

Customer perception of PDP can impact a firm's positioning and pricing strategies 
among its competitors (Krämer & Kalka, 2017). Hence this paper explores the role of 
price perception of PDP and its impact on customer willingness to pay in an Indian e-
commerce context. Moreover, recent reports highlight the need for a 
comprehensive study on the advantages of PDP for consumers (Acquisti et al., 2016; 
Priester et al., 2020) and understanding PDP from the customer's perspective (Dubé 
& Misra, 2019). Our paper explores these research gaps. Objectives of this study are:  

• To explore the role of price consciousness, involvement, product knowledge, and 
recommendation system in influencing price perception of PDP and customer 
willingness to pay  

• To examine whether stickiness to online stores mediates the relationship 
between price perception of PDP and customer willingness to pay. 

2 Literature Review 

2.1 PDP and Price Fairness Perception  

The first step of online shopping would be the entry of a search query by the 
consumer. The e-commerce platform displays a two-stage search result, for which 
the recommendation system considers the data comprising detailed browsing 
histories by each consumer. Ideally, a list of relevant products which a consumer can 
choose from appears. Second, consumers evaluate only a handful of products based 
on price, features, and reviews, which form the consideration set. Browsing data 
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from these two product/price search stages can be used by e-commerce firms to 
estimate consumer demand and provide personalization of the marketing mix 
(Dinerstein et al., 2018). 

Following is an overview of how e-commerce firms use online consumer data to 
provide personalized dynamic pricing. Internet-based technology-mediated 
platforms enable e-commerce firms to track all individual customer activities. Online 
consumers are the source for data in analytics and recommendation system 
(Dinerstein et al., 2018). Firms need to comprehend how consumers select, use, and 
dispose of products and services to understand consumer behavior. The paper 
conceptualizes the consumer buying process in 3 stages: pre-purchase, purchase, 
and post-purchase (Lemon & Verhoef, 2016). We emphasize the series of activities 
in the pre-purchase phase, where a consumer pays attention to price during a 
product search in a platform. While shopping online, consumers use multiple modes 
to search prices of products (Dinerstein et al., 2018). E.g., a consumer looking to 
purchase a product online may check for the price listed in e-commerce platforms 
like Amazon, Flipkart, etc., or use comparison sites or price tracking tools like Keepa 
to track price fluctuations. Next, a consumer may sign in or not, view incognito mode, 
or ask friends/family to check for the price. Based on these activities, consumers 
form price perception. 

Price perception is the evaluation of a specific price by consumers. "Fair" is a global 
measure of price acceptability (Lichtenstein et al., 1988). One stream of literature on 
price fairness literature explores factors influencing fairness perception and other 
consequences of fairness perception. Prior research has examined fairness 
perception of PDP in diverse contexts and its relationship with other constructs like 
customer's evaluation of price (reference price) and retailer price. The study adopts 
the definition by Xia et al. (2004) that defines price fairness as "customers' 
perceptions and their related emotions about how fair, acceptable, and reasonable 
the difference is between two prices." 

The study draws from equity theory to explain how consumers perceive the price. It 
states that fairness depends on how much consumers are aware of and compare 
themselves with others' situations (Adams, 1965). Consumers would compare input 
or output with others to bring to or receive from the same setting. The theory 
explains price fairness in terms of equality, advantaged inequality (actual price is 
lower when compared to reference price), and disadvantaged inequality (actual cost 
is higher when compared to reference price). In advantaged inequality outcome, the 
actual price is lower than the reference price. Moreover, purchase history-based 
personalized dynamic price is fairer as consumers link the offered display price to 
their behavior based on purchase history (Priester et al., 2020). Hence, consumers 
justify the price received from the e-commerce store and consider it fair due to 
advantaged inequality. 
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3. Conceptual Model 

Drawing from equity theory, the conceptual model is developed to include 
antecedents that influence the perception of PDP and its impact on willingness to 
pay mediated by stickiness to an online store. Existing literature provides evidence 
that price consciousness (Zielke & Komor, 2015), product knowledge (Chen et al., 
2019), involvement (Koufaris et al., 2001), and recommendation system (Hazee et 
al., 2017) influence PDP judgments of consumers in the decision-making process. 
Hence, the study uses these variables in the conceptual model.  

Figure 1: Proposed model and hypotheses 

3.1. Price Consciousness 

Consumers prefer online shopping due to convenience and relatively lower prices 
than an offline store. The intention to find out the lower price is defined as price 
consciousness, and it impacts consumer price perception (Zielke & Komor, 2015). 
Through their cognitive process, consumers perceive the price of a product and 
convert them into meaningful information. Price consciousness helps consumers 
evaluate price cues (Lichtenstein et al., 1988). In the PDP context, consumers view, 
track, encode the price displayed in an online store and assign meaning to the price 
to make it more personal or psychological. One of the antecedents for 
psychologically consumers accepting the product's price is price consciousness. 
Technology has enabled consumers to search for lower prices and better deals. 
Hence, we posit: 

H1: Price consciousness will play a positive role in influencing price perception of PDP 
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3.2. Product Knowledge 

Product knowledge is defined as the familiarity and expertise of a product (Rao & 
Sieben, 1992). Familiarity depends on the purchase, use, or experience of a product. 
The ability to perform product-related tasks is expertise. Highly knowledgeable 
consumers fully process product information, including price. They perceive the 
product to have high quality will be willing to pay more. Consumers acquire product 
knowledge through product descriptions and visual aids. Consumer product 
knowledge influences their purchase decisions (Chen et al., 2019). Based on this, we 
posit:  

H2: Product knowledge will play a positive role in influencing price perception of PDP 

3.3. Product Involvement 

Consumer involvement in a product impacts its price acceptability. The degree to 
which the product is essential to the buyer is product involvement (Zaichkowsky, 
1985). Product involvement positively influences information search behavior. When 
product involvement is high, consumers dedicate a significant amount of time and 
effort to decide on their choice. In an online context, involvement impacts 
consumers' decision to return to the store (Koufaris et al., 2001). Highly involved 
online consumers read through the product description, browse the image gallery, 
and watch demo videos (Sheth & Unnikrishnan, 2020). The impact of involvement 
on price perception varies depending on the type of product purchased, either 
durable or convenience goods. Hence, we posit,   

H3: Product involvement will play a positive role in influencing price perception of 
personalized dynamic price. 

3.4. Recommendation System 

A recommendation system is defined as a system that generates a personalized, 
optimized experience for a customer selected from discrete options (Burke et 
al., 2011). A personalized pricing recommendation system provides price 
personalization using customer data such as preferential data and purchasing 
histories. Algorithms predict customers' preference patterns based on preferential 
data. Consumer preference patterns and purchase histories determine price 
discounts. The precision and prediction accuracy of the recommendation system 
impact consumers' reliability on the recommendation system and influence 
consumer purchase decisions (Burke et al., 2011). Consumers using an e-commerce 
platform should consider the reliability of other consumer behavior because the 
behavior of other users also impacts personalization (Hazee et al., 2017). Consumers 
can get reliable recommendations and price personalization which influence 
consumer willingness to pay (Lee & Rha, 2016). Hence, we posit: 

H4: Recommendation system will play a positive role in influencing price perception 
of personalized dynamic price. 
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3.5. Impact of PDP on Willingness to Pay 

In today's digital world, consumers interact with firms through a myriad of 
touchpoints comprising multiple media and channels (Lemon & Verhoef, 2016). 
Hence, switching between stores and price information is readily available at 
minimal search cost. Considering the dynamic nature of PDP, the product's price 
could vary multiple times within a day. When price difference exists, price perception 
is affected, influencing willingness to pay (Basaran & Buyukyilmaz, 2015; Sheikh & 
Basti, 2015). The study identifies consumers' willingness to pay as an outcome of 
consumers' perception of personalized dynamic pricing. Thus, we posit: 

H5: Price perception of PDP will play a positive role in influencing customers' 
willingness to pay. 

3.6. Stickiness to Online Store (SOS) on Customer's Willingness to Pay 

Digitally influenced consumers in India search for at least 2-3 weeks before making 
their purchase decision (Sheth & Unnikrishnan, 2020). This behavior can influence 
the personalization of services by online retailers, where consumers may be aware 
or unaware of what they do during the pre-purchase phase (Jain et al., 2019). Before 
making a purchase, potential shoppers browse more than 20 product pages for a few 
categories and 50 to 60 product pages for specific product categories like mobile 
phones and women's ethnic wear, and they spend less than 9 minutes per visit on an 
e-commerce platform in India (Sheth & Unnikrishnan, 2020). Stickiness is a critical 
success factor. It helps e-commerce platforms to measure the duration of each visit, 
helps retain online customers and prolong their period during each 
stay. Personalization in online services results in a higher level of enjoyment that 
further leads to increased intention to stay longer and to use or purchase from the 
online store, thereby leading to customer willingness to pay. SOS is used to measure 
the frequency and duration of the visit by a consumer. Next, to find out the impact 
of stickiness on an online store, we study its role as a mediator on WTP and price 
perception of PDP (Roy et al., 2014). Hence, we posit: 

H6: In a PDP context, stickiness to an online store will mediate the effect of price 
perception of PDP and customer willingness to pay. 

4. Research Methodology 

4.1. Sample and Data Collection 

The study used data collected from students at a large university in India for 
hypothesis testing. Students are the most innovative and active users of websites, 
apps, and online shoppers (Gefen et al., 2003). Wang et al. (2001) state that using 
students as the sample for online studies is justified because they are the same as 
online customers for their psychological processes. Moreover, students have access 
to the internet and use them for communication and transaction purposes hence 
justified for using them as in sample online research and e-retailing studies. To check 
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whether the personalized dynamic pricing phenomenon exists during the study 
period, we conducted a price tracking exercise using multiple accounts with different 
browsing characteristics (Richard et al., 2016). Within half an hour, we noticed 
different prices for consumers, as shown in Table 1 below. The study used the 
information in Table 1 to describe the scenarios while asking participants to respond 
to our survey.  

Table 1: Price tracking of personalized dynamic pricing from a leading e-
commerce website in India 

S 
No 

Date Timestamp Customer account type 
Price 

displayed 
Offers 

suggested 

1 17.1.2019 11.32 am Without Signing In Rs.37,999 2 offers 

2 17.1.2019 11.34 am New user  Rs.37,999 2 offers 

3 17.1.2019 11.33 am 
Intermittent shopper with low 
purchase value 

Rs.37,999 3 offers 

4 17.1.2019 11.36 am 
Regular customer with high 
purchase value 

Rs.39,200 1 offer 

5 17.1.2019 11.38 am 
Non-regular customer with high 
purchase value and purchased 
the same model 

Rs.39,200 1 offer 

The respondents were asked to go through the given scenario and respond to the 
questionnaire. The scenario adapted and modified from Richard et al. (2016) read as 
follows, "Imagine you planned to purchase an Air conditioner and to search for a 
model. Your friend purchased a model a few days back for Rs. 38,500. Interested in 
buying the same model, you check for the price and ask your family members to see 
the price displayed. You see the price as shown in Table 1. How would you perceive 
the price displayed? Based on your perception, kindly fill the questionnaire". The 
students responded to the survey based on their online shopping experience on a 
five-point Likert scale. Data were collected through online Google forms 
questionnaire and pen and paper from April 2019 to September 2019 from 500 
respondents, out of which 280 completed the survey. Twenty-four responses were 
removed because of incomplete responses. Finally, 256 valid responses were 
accepted with a response rate of 51%. The demographic profile of the sample size 
(256) comprised 59.7% male and 40.3% female respondents and belonged to the age 
group of 18-32 years.  

4.2. Research Instrument 

Measure for price consciousness adopted from Lichtenstein et al. (1993) consists of 
3 items modified for our study. Product knowledge has three items adapted from 
Brucks (1985). Involvement consists of 5 items (Zaichkowsky, 1985). Recommender 
system (5 items) measures from Lee and Rha (2016) and price perception measure 
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consist of 3 items adopted from Xia et al., 2004. Measures for willingness to pay 
consisted of 3 items (Richards et al., 2016), and stickiness to online store consisted 
of 3 items from Lin (2007). All items were pilot tested on a sample of 31 and had a 
high-reliability score with Cronbach's alpha coefficients above the recommended 
level of 0.7. Table 2 shows the measurement instrument.  

4.3. Data Analysis and Results 

Data assessed for normality assumption using Maximum Likelihood (ML) estimation 
revealed that kurtosis and skewness of variables in the study were between -1.117 
to 1.393 and -1.012 to 0.933 respectively and well within the recommended 
acceptable range of ± 1.96 for ML estimation (Bollen & Stine, 1992). 

4.3.1. Measurement Model 

A two-stage structural equation modeling used AMOS 22.0 to test the measurement 
model and analyze the structural model (Anderson & Gerbing, 1988). Confirmatory 
factor analysis (CFA) confirmed construct validity of the constructs using the 
bootstrapping method with n = 2,000 at 90% confidence level, and bias-corrected 
intervals were executed. Table 2 summarizes CFA results. We modeled factors using 
the ML approach. The model had excellent reliability with fit indices χ2= 337.1, d.f. = 
197, p-value = .000, RMSEA = 0.41, SRMR = 0.053, CFI = 0.972 which is well within 
the recommended cut off limit (RMSEA < 0.06, SRMR < 0.08, CFI > 0.95). Thus, the 
model shows a good fit (Hu & Bentler, 1999). Other fit indices (NFI = 0.93, AGFI = 
0.94) were also high, showing a good fit. 

Table 2: Measurement model results 

Scale items 
Factor 

loadings 
(λ) 

Cronbach 
alpha (α) 

Composite 
Reliability 

AVE Mean SD 

Price consciousness  
I am more willing to take extra effort to find 
lower prices 
I believe the time it takes to find low prices 
is worth the effort. 
I believe that money saved by finding lower 
prices is worth the time. 

 
0.76 

 
0.82 

 
0.79 

 
 
 

0.85 

 
 
 

0.86 

 
 
 

0.65 

 
3.75 

 
3.94 

 
3.79 

 
0.77 

 
0.84 

 
0.93 

Product knowledge  
The product information given on a retailer 
website is clear enough to me.  
It is clear to me how the product works.  
I know exactly what the product is. 

 
0.89 
0.98 

 
0.85 

 
 

0.92 

 
 

0.75 

 
 

0.53 

 
2.33 
2.39 

 
2.41 

 
0.91 
0.90 

 
0.89 

Involvement  
I would be interested in reading information 
about how the product is made. 

 
0.68 

 

 
 
 

 
 
 

 
 
 

 
3.83 

 

 
0.94 
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I would be interested in reading the 
consumer reviews and checking price 
comparison sites about this product 
I compare product characteristics among 
brands. 
I think there are great differences among 
brands. 
I have the most preferred brand of this 
product. 

 
0.77 

 
0.66 

 
0.89 

 
0.78 

 
 

0.88 

 
 

0.84 

 
 

0.56 

 
4.02 

 
3.69 

 
3.93 

 
3.89 

 
0.88 

 
0.99 

 
0.84 

 
0.88 

Recommender System  
Through recommender system, 
I can get personalized prices tailored to my 
interests and needs. 
I can get personalized prices tailored to my 
activity contexts. 
I can get personalized prices tailored to my 
shopping patterns. 
I can reduce my time and effort in finding 
the shopping information I need. 
I can get shopping information more easily 
and conveniently. 

 
 

0.80 
 

0.76 
 

0.91 
 

0.87 
 

0.78 

 
 
 
 

0.90 

 
 
 
 

0.88 

 
 
 
 

0.57 

 
 

3.49 
 

3.46 
 

3.66 
 

3.55 
 

3.57 

 
 

0.81 
 

0.85 
 

0.87 
 

0.95 
 

1.02 

Price perception of PDP  
Personalized dynamic pricing is fair. 
Personalized dynamic pricing is acceptable. 
Personalized dynamic pricing is reasonable. 

 
0.76 
0.66 
0.63 

 
 

0.82 

 
 

0.85 

 
 

0.62 

 
3.72 
3.75 
3.86 

 
0.83 
0.74 
0.92 

Willingness to pay  
I am willing to pay the price displayed on a 
retail website 
I am willing to pay the price displayed based 
on my preferences 
I am willing to pay the price displayed based 
on my purchase and browsing history 

 
0.82 

 
0.89 

 
0.83 

 
 
 
 

0.85 

 
 
 
 

0.87 

 
 
 
 

0.68 

 
3.69 

 
3.66 

 
3.77 

 
0.89 

 
0.85 

 
0.83 

Stickiness to an online store  
I intend to continue using an online store for 
shopping. 
I intend to purchase from an online store in 
the future. 
I spend more time on a retail website than 
other comparable websites 
I visit a retail website more frequently than 
other comparable websites 
I spend more money on a retail website 
than on other comparable websites 

 
0.94 

 
0.91 

 
0.73 

 
0.67 

 
0.58 

 
 
 
 
 

0.91 

 
 
 
 
 

0.88 

 
 
 
 
 

0.69 

 
3.33 

 
3.32 

 
3.47 

 
3.50 

 
.53 

 
0.92 

 
0.95 

 
1.04 

 
0.95 

 
1.08 

Note: *** Statistically significant at p < 0.001 

The convergent validity was measured by examining the parameter estimates. The 
item to total correlation values range from 0.75 to 0.88, and the average variance 
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extracted (AVE) ranges from 0.53 to 0.65, thereby showing high convergent validity 
(Fornell & Larcker, 1981). Also, the average variance extracted of the factors 
exceeded the squares of its correlation with other constructs, showing discriminant 
validity of the measures (Fornell & Larcker, 1981). 

Table 3: Discriminant validity 

 RS PC PK I PP SOS WTP 

Recommender system (RS) 0.75       

Price consciousness (PC) 0.01 0.81      

Product knowledge (PK) 0.17 -0.03 0.73     

Involvement (I) 0.01 0.59 -0.13 0.77    

Price perception of PDP (PP) 0.12 .03 0.42 0.09 0.83   

Stickiness to online store 
(SOS) 

0.18 0.43 0.34 -0.56 0.20 0.79  

Willingness to pay (WTP) 0.35 0.23 0.02 0.35 0.25 0.54 0.75 

 

4.3.2. Common Method Bias 

The study took several precautions to minimize common method variance (CMV) 
impact. First, the study did not collect personal information to ensure the anonymity 
of responses. Second, a five-point Likert scale format to reduce the commonalities in 
scale endpoints and anchoring effects. Harman's single-factor test was used to 
examine potential common method bias (Podsakoff et al., 2012). In a one-factor 
solution, our data had 24.65% of an eigenvalue which is lesser than the 
recommended critical value of 50%. This result confirms that our model is free from 
common method bias and CMV is not a significant problem in this study (Podsakoff 
et al., 2012). 

4.3.3. SEM Results 

Using AMOS 22, the structural model represented in Figure 1 was tested. Table 4 
shows the results. Structural model had good fit indices with χ2 = 386.512, df = 161, 
χ2/df = 2.400, RMSEA = .055 (RMSEA < 0.06), SRMR = 0.068 (SRMR < 0.08) and CFI = 
0.968 (CFI >0.95) with all indices higher than the recommended cut off values. Other 
fit indices NFI = 0.93, AGFI = 0.94 also showed a good fit. The results were analyzed 
and found to support all our hypotheses. Results indicated that price perception has 
a significant positive impact on price perception of PDP (β = 0.12, p<0.01), thereby 
supporting H1. Product knowledge has a significant positive impact on price 
perception of PDP (β = 0.11, p<0.05), supporting H2.  
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Figure 2: Structural Model with Beta Coefficients of Direct and Indirect 
Effects 

Note: *p <0.05; **p<0.01; ***p<0.001 

Involvement has a significant positive impact on price perception of PDP (β = 0.16, 
p<0.01), supporting H3. The recommender system significantly affects price 
perception on PDP (β = 0.48, p<0.001), thereby supporting H4. The results showed a 
significant positive impact of price perception of PDP on WTP (β = 0.47 p<0.001), 
thereby supporting H5. SOS causally affects WTP. We calculated the mediating 
parameters in a model simultaneously. We adopted a user-defined estimand in 
AMOS to test the hypothesized indirect effect (Gaskin, 2016). As predicted, SOS plays 
a mediating role in impacting willingness to pay (β = 0.28, p<0.001), supporting H6. 
The results show that stickiness mediates the relationship between price perception 
of PDP and willingness to pay. 

 

Table 4. Hypotheses and results 

Hypotheses 
Path 
coefficient 

t-
value 

Result 

H1: Price Consciousness → Price perception of PDP 0.12 ** 2.69 Supported 

H2: Product Knowledge → Price perception of PDP 0.11 * 2.01 Supported 

H3: Involvement → Price perception of PDP 0.16 ** 2.85 Supported 

H4: Recommender System → Price perception of PDP 0.58 *** 8.96 Supported 

H5: Price perception of PDP → WTP 0.47 *** 7.76 Supported 

H6: Price perception of PDP → Stickiness to an online store  
      Stickiness to online store → WTP 

0.44 *** 
0.31*** 

7.90 
5.32 

Supported 

Note: *p <0.05; **p<0.01; ***p<0.001 

    
Price 

Consciousness 

  
Willingness to 
pay R2=0.53 

  
Product 

knowledge 

  
Involvement 

Recommendation 
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  Price perception 
of personalized 
dynamic pricing 

R2=0.68 

  
Stickiness to 
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R2=0.51   
.13** 

.14** 

.10* 

.58*** 

.47*** 

.44*** .31*** 
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Table 5 mentions the mediation result. The t-value of the mediation is significant, 
with a value of 8.09. The indirect effect with a value of 0.13 lies well within the lower 
and upper cut-off confidence interval of 0.09 to 0.18. Thus, showing full mediation. 
 

Table 5. Mediation results 

Path tested 
Direct 

mediator 
Indirect 
effect 

Indirect effect 
confidence level p-

value 
Conclusion 

Lower Upper 

Price perception of PDP 
→Stickiness to online store 
→WTP 

0.29 (8.09) 0.13 0.09 0.18 0.001 
Full 
Mediation 

Note: Values presented are regression coefficients – t-values in parentheses 

5. Discussion 

Results showed that the recommendation system appears to have a more significant 
direct influence on price fairness of PDP and an indirect impact on willingness to pay. 
Collectively, price consciousness, product knowledge, involvement, 
recommendation system combines to influence price fairness perception to 
influence further willingness to pay mediated through SoS. Much of the knowledge 
gained from existing offline retailing research applies to the online retailing context 
(Jiang & Rosenbloom, 2005). Overall, the results showed support for all hypotheses. 
It can be observed from data analysis that our model had a good fit. 

There are some interesting findings of this study to be pointed out consistent with 
previous studies. Price is an essential factor in consumer decision-making and the 
purchase process. Therefore, it largely influences fairness perception and consumer 
behavioral outcomes. The results showed price consciousness directly affects the 
perception of price fairness of PDP and indirectly influences willingness to pay. Our 
results are consistent with past studies that provide empirical evidence that PDP 
impacts the fairness perception of consumers. As expected, product knowledge had 
a significant association with price fairness of PDP, which in turn is related to 
customer willingness to pay (Chen et al., 2019). Similarly, involvement has a 
significant association with price fairness of PDP, which in turn is related to customer 
willingness to pay (Malar et al., 2011). 

6. Implications 

6.1. Theoretical Implications 

The study adds the role of the recommender system to the extant research. To 
enable retailers to provide personalized prices, the role of the recommender system 
is vital. 35% of revenue generated from Amazon.com was through recommendations 
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based on sophisticated algorithms and predictive models (Mackenzie et al., 2013). 
Consumers' reliability on the recommendation system, precision, and prediction 
accuracy plays a vital role in influencing purchase decisions. The study links the 
function of the recommender system in directly influencing the price fairness of PDP 
and an indirect influence on willingness to pay. The key finding of the research is that 
the recommender system is vital among other antecedents for the price fairness of 
PDP evident from a higher t-value (8.96).  

Consumer loyalty in the e-marketplace is complex. Hence stickiness to online stores 
has to be considered. Drawing parallels from the study of Beatty and Smith (1987), 
an involved consumer will spend a lot of time and effort to find their product and 
price offered through the online store by visiting the online store site frequently. Not 
many studies have studied the mediating role of SoS on price fairness and willingness 
to pay (Roy et al., 2014). This finding is a welcome addition to literature seeking to 
understand the role of stickiness in customers' willingness to pay. It is important 
because customer stickiness to online stores signifies a psychological attachment to 
visiting those sites (Roy et al., 2014). Also, the results show the full mediation effect 
of SoS on price fairness and willingness to pay.  

Finally, our study provides a significant contribution to pricing literature. Most of the 
existing studies had focused on studying how price and pricing strategies affect 
consumer purchase decisions in a traditional economy setting. At the same time, this 
paper focused on examining consumer characteristics influencing price 
personalization and how it impacts customer fairness perception.  

6.2. Managerial Implications 

This paper explores customer willingness to pay as the vital outcome in a PDP 
context. It also investigates the mediating role of stickiness to the online store on 
customer willingness to pay. We have included antecedent that affects the price 
fairness of PDP. In addition, this study offers important insights for companies to 
understand online consumer behavior. Understanding how consumers perceive 
personalized dynamic pricing in an electronic marketplace is vital. It impacts 
decision-making at a micro-level in marketing management and a macro-level in 
policy decision-making by organizations and regulators. First, the results found that 
online shoppers will feel special and acknowledged to receive a personalized price, 
resulting in a willingness to pay.  

Given the phenomenal growth of online retailing accelerated by external factors 
such as pandemics and competition among leading players (Sheth & Unnikrishnan, 
2020), enticing consumers is one of the critical requirements for an online retailer to 
sustain intense competition and prevent switching behavior among consumers. Also, 
about 74% of online buyers do not have a brand fixed before they start searching for 
their product and most of the consumers search for around 2 to 3 weeks on an online 
platform (Jain et al., 2019). Firms can use this search duration window to attract 
consumers by providing personalized offers through recommendation systems. Data 
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captured through stickiness to an online store can aid firms in arriving at customized 
offers. Second, information on the product sought should be readily available on the 
site so that consumers can browse through and decide without any search frictions. 
Visual aids detailed product information to help consumers understand the products 
is essential. These aids can improve consumer knowledge and involvement towards 
the product (Ford et al., 2018). This aspect can also be addressed by having clear and 
visual assistance to product description.  

Over time, customer characteristics and determination of customer value potential 
keep evolving. A reliable method to periodically evaluate customer value measures 
is necessary for managers to track changing customer characteristics. In e-
commerce, platform stickiness can be used to assess customer value by looking at 
the frequency and duration of visits and the number of purchases the consumer has 
made. Thus, it is evident that the antecedents chosen for study in this paper provide 
insights into customer value co-creation and price fairness of PDP. 

7. Limitations and Future Research 

While this research has some significant contributions, it has its limitations too. For 
instance, it did not consider the role of risk attitude on personalized pricing, which 
may have affected the perception of fairness. Future research can study the part of 
risk attitude among consumers to understand various pricing cues and explore its 
impact on consumers' real buying behavior. Studies can do further experimental 
investigation on the influence of norms and price transparency on customer 
perception of fairness (Güngör & Bilgin, 2011; Kaynak & Eksi, 2011; Arcuri, 2020). 
Analyzing how firms can arrive at the segmentation base of PDP, its impact on 
personalization-privacy and trust can also be explored. Lastly, future studies could 
be extended to identify potential consequences of unfair perception of personalized 
price, looking into the intervening effects of personalized social media 
advertisements and personalized prices. The dynamic nature of PDP and impulse 
purchase behavior can be explored further (Naikoo et al., 2021). 
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